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REFRAMING MILITARY TRANSLATION THROUGH AI:
A TRANSLATION STUDIES PERSPECTIVE ON SIMULATION,
CONTEXT, AND TECHNOLOGY

The integration of artificial intelligence (Al) into military translation represents a fundamental
transformation that extends beyond technological advancement into epistemological reconfiguration.
This article examines how machine translation systems and large language models (LLM) reshape
the theoretical frameworks of military translation studies through their capacity to simulate contextual
understanding, process multilingual military discourse, and mediate cross-cultural communication
in operational environments. Drawing upon recent developments in neural machine translation,
the article explores how Al-driven translation challenges traditional distinctions between human
expertise and automated processing bringing forward new perspectives on maintaining contextual
accuracy, operational security, and terminological precision. The research demonstrates that
contemporary Al translation systems function not merely as tools but as active participants in meaning
construction, requiring translation studies to reassess its core theoretical frameworks, particularly
those related to equivalence, and context. Through examination of simulation capabilities inherent
in neural architectures, the article argues that Al translation creates new modalities of linguistic
mediation that relies on probability models rather than rule-based determination. This transformation
necessitates updated theoretical frameworks that account for hybrid human-machine translation
ecosystems, distributed cognition in military communication networks, and the recursive relationship
between training data and operational deployment. The findings suggest that military translation
studies must develop analytical approaches capable of addressing the sociotechnical complexity
of Al-mediated communication while maintaining critical attention to issues of accountability,
interpretability, and strategic communication integrity within defence contexts.

Keywords: military translation, artificial intelligence, neural machine translation, context
simulation, translation studies, large language models, human-machine interaction, multilingual
processing.

Statement of the problem. Military translation
occupies a distinctive position within translation
studies due to its synthesis of linguistic precision,
cultural awareness, operational urgency, and strategic
consequence. The traditional paradigm of military
translation has relied on human translators who
possess not only linguistic competence but also
domain-specific knowledge encompassing military
doctrine, tactical procedures, cultural sensitivities,
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and geopolitical awareness. However, the emergence
of sophisticated artificial intelligence systems,
particularly neural machine translation and large
language models, introduces fundamental questions
about the nature of translation competence, the
boundaries between human and Al-driven semantic
analyses, and the theoretical frameworks necessary to
comprehend Al-mediated communication in military

contexts.
Com
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The problem addressed in this article extends
beyond the practical question of whether Al can
adequately perform military translation tasks. Rather,
it concerns the epistemological and theoretical
implications of Al systems that simulate contextual
understanding through probable models trained on
vast corpora of multilingual text. Contemporary
translation studies has developed robust frameworks
for analysing human translation processes, including
Skopos theory, relevance theory, and cognitive
approaches to translation. Yet these frameworks
were developed in an era when translation was
fundamentally conceptualized as a human cognitive
activity. The introduction of Al systems that generate
translations through mechanisms fundamentally
different from human cognition while often achieving
comparable or superior performance on specific
metrics challenges the foundational assumptions of
these theoretical approaches.

Furthermore, military translation presents unique
constraints and requirements that distinguish it from
civilian translation contexts. The necessity for rapid
processing of intelligence materials, the critical
importance of terminological precision in operational
orders, the potential consequences of mistranslation
in tactical situations, and the security implications
of translation processes all create a distinctive
environment in which the capabilities and limitations
of Al translation systems must be evaluated. The
problem thus encompasses both theoretical questions
about how translation studies should conceptualize
Al-mediated translation and practical questions about
how military organizations can effectively integrate
these technologies while maintaining operational
effectiveness and security.

Analyses of recent research and publications.
Recent scholarship has begun to address the
intersection of artificial intelligence and translation
studies from multiple perspectives. The foundational
work by S. Castilho et al. in examining neural
machine translation quality through post-editing effort
established methodological approaches for evaluating
Al translation that have subsequently been applied in
specialized domains. Their research demonstrated that
neural architectures achieve qualitatively different
error patterns compared to statistical machine
translation, with implications for how translation
quality should be conceptualized and measured
[4]. This work has been extended by D. Kenny
and S. Doherty, who explored statistical machine
translation in the translation curriculum, raising
fundamental questions about translator education in
an era of increasingly capable automated systems [5].

The application of translation technologies to
military and defence contexts has received growing
attention. J. Moorkens and D. Lewis examined
machine translation in crisis situations, providing
insights relevant to military operational environments
where rapid multilingual communication under stress
is required. Their analysis of post-editing workflows
and quality assurance processes offers frameworks
applicable to military translation systems [7].
M. O’Hagan contributed important theoretical
perspectives on machine translation and global
communication, arguing that automated translation
fundamentally reshapes information flows and
power dynamics in international communication,
a consideration particularly important for military
intelligence and strategic communication [10].

Recent developments in large language models
have prompted new theoretical considerations. The
work of L. Bowker and J. Ciro on machine translation
and global research explored how Al translation
affects knowledge dissemination across linguistic
boundaries, raising questions about epistemological
access and linguistic equity that resonate with
military contexts where information asymmetry
shapes strategic advantage [2]. Furthermore,
S. Léubli et al. provided empirical evidence that
neural machine translation can achieve human
parity in certain contexts, specifically in Chinese-to-
English news translation, challenging assumptions
about the irreducibility of human translation
competence [6].

The cognitive and computational dimensions of
translation have been explored through various lenses.
M. Carl, S. Bangalore, and M. Schaeffer investigated
neural networks and translation processes, examining
how computational models might illuminate human
translation cognition. Their work suggests potential
theoretical ~ convergences  between  cognitive
translation studies and computational linguistics [3].
Additionally, A. Toral and A. Way analysed what level
of quality neural machine translation can achieve,
establishing benchmarks against which military
translation applications can be evaluated [12].

However, significant gaps remain in the literature
regarding military translation specifically. While
specialized translation domains such as legal and
medical translation have received sustained attention
within translation studies, military translation remains
insufficiently explored. While research on machine
translation in crisis communication offers relevant
insights, the distinctive operational, security, and
strategic dimensions of military translation require
dedicated theoretical attention.
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Task statement. The purpose of this article is to
develop a theoretical framework for understanding

artificial intelligence in military translation
that integrates perspectives from translation
studies, computational linguistics, and military

communication studies. Specifically, the article
aims to reconceptualise military translation through
three interconnected analytical lenses: simulation,
context, and technology. The simulation perspective
examines how neural architectures create functional
approximations of contextual understanding
through probable modelling rather than semantic
comprehension, challenging traditional distinctions
between understanding and processing. The context
perspective investigates how military operational
environments create distinctive communicative
situations that shape both the requirements for
translation and the evaluation criteria by which
translation adequacy is determined. The technology
perspective analyses the material and infrastructural
dimensions of Al translation systems, including
their dependence on training data, computational
resources, and integration within larger military
information systems. Through this tripartite analysis,
the article seeks to provide both theoretical insights
into the changing nature of translation in the Al era
and practical considerations for military organizations
deploying these technologies in operational contexts.
Outline of the main material of the study. Con-
temporary neural machine translation systems oper-
ate through mechanisms fundamentally different
from human translation cognition, yet they achieve
functional approximations of contextual understand-
ing through sophisticated probable modeling. The
transformer architecture, which has become domi-
nant in current translation systems, processes input
text through self-attention mechanisms that identify
statistical relationships between elements across arbi-
trary distances within the text. This approach enables
the system to model long-range dependencies and
contextual relationships without explicit program-
ming of grammatical rules or semantic knowledge.
The concept of simulation is crucial for under-
standing how these systems function. Rather than
possessing semantic understanding in any phenom-
enological sense, neural translation models simulate
contextually appropriate translation through learned
patterns in massive multilingual datasets. The sys-
tem does not comprehend military doctrine or tacti-
cal concepts but has encountered sufficient examples
of military discourse in its training data to generate
statistically probable translations that often demon-
strate apparent understanding of domain-specific
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meaning. This simulation of understanding through
pattern recognition represents a qualitatively differ-
ent phenomenon from human comprehension, yet
it produces functionally equivalent outputs in many
contexts [4, p. 117-118].

For military translation, this simulative capac-
ity has both advantages and limitations. The advan-
tage lies in the system’s ability to maintain consis-
tency with established terminological conventions
and standard expressions that appear frequently in
military communications. Through exposure to large
quantities of military texts during training, the model
learns to reproduce standard expressions, maintain
appropriate register, and generate translations that
conform to expected patterns of military discourse.
This capability can be particularly valuable for rou-
tine communications, standardized reports, and other
text types characterized by high levels of common
language.

However, the simulative nature of Al translation
also creates significant limitations. When confronted
with novel situations, ambiguous contexts, or text
types not well-represented in training data, the system
cannot fall back on genuine understanding but must
extrapolate from statistical patterns that may be inap-
propriate. This limitation is particularly acute in mili-
tary contexts where tactical situations often involve
unique configurations of circumstances, where delib-
erate ambiguity may be strategically employed, or
where cultural and political nuances critically shape
meaning. The system’s capacity to simulate under-
standing breaks down precisely in those situations
where human judgment, cultural knowledge, and
strategic awareness are most essential.

Furthermore, the probable nature of neural transla-
tion introduces a fundamental indeterminacy into the
translation process. Unlike rule-based systems that
produce deterministic outputs, neural systems gen-
erate translations through sampling from probability
distributions, meaning that the same input may yield
different outputs across multiple translation attempts
[4, p. 119]. While this variability can be constrained
through parameter settings, it cannot be eliminated
entirely. For military applications where consistency
and reproducibility may be operationally important,
this inherent randomness requires careful consider-
ation and potentially the implementation of quality
assurance protocols that verify translation stability
across multiple generations.

Military communication occurs within distinctive
operational environments that fundamentally shape
both the production and interpretation of texts. Con-
text in military translation extends beyond the imme-
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diate linguistic co-text to encompass tactical situa-
tions, strategic objectives, intelligence backgrounds,
and evolving operational circumstances. This multi-
dimensional contextuality creates specific challenges
for Al translation systems that were trained primarily
on static textual data rather than dynamic operational
contexts [9, p. 332].

Traditional translation studies has developed
sophisticated approaches to context, particularly
through relevance theory and functional approaches
that emphasize the communicative situation. How-
ever, these frameworks typically assume that trans-
lators have access to relevant contextual information
and can make informed judgments about how context
should influence translation decisions. Al translation
systems, by contrast, have access only to the imme-
diate textual input and whatever contextual patterns
were encoded in their training data. This creates a
fundamental asymmetry between human translators
who can actively seek contextual information and
Al systems that must work with whatever context is
explicitly provided in the input.

Military operational contexts are characterized by
several distinctive features that complicate Al trans-
lation. Temporal urgency often requires rapid trans-
lation under time constraints that prevent extensive
human review or revision. Security classification cre-
ates barriers to information sharing that may prevent
translators, whether human or Al, from accessing
background information necessary for accurate inter-
pretation. Evolving tactical situations mean that the
significance of particular terms or phrases may shift
rapidly, requiring translators to maintain awareness
of current operational circumstances rather than rely-
ing solely on established conventions.

The challenge of providing adequate context
to Al translation systems in military applications
has prompted development of various technical
approaches. Domain adaptation techniques allow
models to be fine-tuned on military-specific corpora,
increasing their familiarity with military discourse
patterns and terminology. Context-aware translation
approaches attempt to incorporate broader textual
context or structured contextual information into the
translation process. Retrieval-augmented generation
methods enable systems to access relevant reference
materials or previous translations during the transla-
tion process, approximating the human translator’s
ability to consult resources.

Despite these technical advances, fundamental
questions remain about whether computerised sys-
tems can adequately capture the richness of opera-
tional context that experienced military transla-

tors bring to their work. Human translators develop
implicit knowledge of military culture, organizational
hierarchies, geopolitical dynamics, and strategic con-
siderations that inform their translation decisions in
ways that may not be fully articulable or reducible
to explicit rules. The extent to which such implicit
knowledge can be encoded in Al systems or whether
it represents an irreducibly human dimension of
translation competence remains an open theoretical
question with significant practical implications.

Examining Al translation from a technological
perspective reveals how these systems function not
merely as tools but as complex sociotechnical infra-
structures that reshape the material conditions of
military translation practice. The deployment of Al
translation in military contexts involves extensive
technological dependencies, including hardware for
model execution, data storage systems for training
corpora and translation memories, network infra-
structure for system access, and integration interfaces
connecting translation systems with other military
information systems [1].

The training data requirements of neural trans-
lation systems introduce particular complexities in
military applications. High-quality machine transla-
tion requires large parallel corpora of translated texts,
yet military communications are often classified or
otherwise restricted, limiting the availability of train-
ing data. This scarcity creates potential trade-offs
between translation quality and operational security.
Using publicly available multilingual data to train
models may improve general linguistic capabilities
but fail to capture military-specific discourse pat-
terns. Conversely, training on classified military doc-
uments raises security concerns about data handling,
storage, and potential information leakage through
model outputs.

The infrastructure requirements of Al translation
also shape its operational deployment. Cloud-
based translation services offer convenience and
expandability but introduce dependencies on
commercial providers and raise questions about data
sovereignty and security. On-premises deployment
of translation systems provides greater control but
requires substantial analytical resources and technical
expertise for maintenance and updating. These
infrastructure decisions have strategic implications
beyond their immediate technical dimensions,
influencing autonomy, resilience, and operational
security of military translation capabilities.

Furthermore, Al translation systems mediate
military communication in ways that create new
forms of dependency and potential vulnerability.
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Over-reliance on automated translation may lead to
deskilling of human translation capacity, creating
strategic vulnerabilities if automated systems become
unavailable through technical failure, cyber attack,
or other disruptions. The opacity of neural network
decision-making processes complicates accountability
and error analysis, making it difficult to determine
why particular translation errors occurred or to
implement corrective measures. These considerations
suggest that military organizations must approach
Al translation deployment strategically, maintaining
human translation capabilities as both quality
assurance mechanisms and operational redundancy.
The introduction of Al translation necessitates
fundamental reconceptualization of translation
competence and quality assessment. Traditional
models of translator competence, such as those
developed by PACTE [8] and TransComp research
groups [13], emphasize cognitive abilities including
bilingual  proficiency, translation  strategies,
instrumental competence with tools and resources,
and psychophysiological components. These models
were developed to describe human translator
development and expertise, assuming that translation is
fundamentally a cognitive process requiring conscious
decision-making and strategic problem-solving.
Altranslation challenges this cognitive paradigmby
demonstrating that functionally adequate translations
can be produced through non-cognitive processes.
The competence of an Al translation system resides
not in cognitive abilities but in the statistical patterns
encoded in its parameters through training. This shift
from cognitive to statistical competence requires new
analytical frameworks. Rather than asking whether
the system possesses particular cognitive abilities,
evaluation must focus on the system’s performance
across diverse text types, its handling of edge cases
and ambiguity, its consistency with terminological
standards, and its robustness to input variations.
Translation quality assessment similarly requires
reconceptualization in the context of Al-generated
translations.  Traditional  quality = frameworks
often emphasize fidelity to source text meaning,
appropriateness for target audience and purpose,
and conformity to target language norms. While
these criteria remain relevant, their application to
Al translation raises new questions. How should
accuracy be evaluated when the system has no
access to meaning in any conventional sense but
generates statistically probable outputs? What
constitutes appropriateness when the system cannot
consider audience needs except insofar as they were
represented in training data? How can conformity to
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norms be assessed when the system’s notion of norms
is entirely empirical, derived from corpus frequency
rather than prescriptive standards?

For military translation specifically, quality
assessment must incorporate  domain-specific
criteria beyond general linguistic adequacy.

Terminological precision is of great importance,
as mistranslation of technical or tactical terms can
lead to operational errors. Maintenance of command
tone and authority in translated orders affects their
effectiveness in hierarchical military organizations.
Preservation of classification markings and security-
relevant formatting ensures appropriate handling
of sensitive information. Cultural appropriateness
in communications with allied forces or civilian
populations in operational areas influences strategic
outcomes. Al translation systems must be evaluated
against these military-specific quality dimensions,
requiring assessment frameworks that extend beyond
generic translation quality metrics.

Rather than framing Al translation as replacement
for human translators, military applications
increasingly involve hybrid workflows that combine
automated and human translation in complementary
roles. These workflows recognize both the efficiency
advantages of Al translation for routine materials
and the continued necessity of human expertise
for complex, sensitive, or strategically significant
communications. Understanding these hybrid
arrangements requires analytical frameworks that
move beyond binary distinctions between human
and machine translation to examine their dynamic
interaction within military organizational contexts.

Post-editing of machine translation represents
one common hybrid approach, wherein Al systems
generate initial translations that human translators
subsequently review and revise. This workflow can
increase efficiency compared to human translation
from scratch, though the magnitude of efficiency
gains depends heavily on machine translation quality
and text characteristics. However, post-editing
introduces its own challenges, including cognitive
load associated with evaluating and correcting
machine output, potential automation bias where
human editors insufficiently scrutinize apparently
fluent machine translations, and questions about how
post-editing experience affects translator competence
development.

Alternative hybrid approaches involve selective
deployment of AI translation based on text
classification. Routine communications, standardized
reports, and other text types with highly official
content may be processed entirely through automated



[lepeknagosnaBcTBO

translation, while complex analysis, strategic
communications, and culturally sensitive materials
receive full human translation. This selective approach
requires reliable text classification mechanisms and
clear criteria for routing texts to appropriate translation
pathways. It also raises questions about how to handle
texts that combine routine and complex elements or
how to ensure that important nuances are not missed
through automated processing of apparently routine
materials [9, p. 332].

The concept of augmented translation represents
another hybrid model wherein Al systems support
human translators through suggestions, terminology
lookup, translation memory matching, and quality
checking, rather than generating complete translations
[10, p. 225]. This approach preserves human translator
agency while leveraging algorythmic capabilities
for specific subtasks. For military applications,
augmented translation may be particularly
appropriate, allowing experienced translators to
maintain control over sensitive communications
while benefiting from computational assistance for
terminology management, consistency checking, and
other mechanical aspects of translation work.

Regardless of the specific hybrid arrangement,
these workflows raise important questions
about authority, accountability, and expertise.
When translations result from human-machine
collaboration, determining responsibility for errors
becomes complex. The changing role of human
translators from primary producers of translations to
supervisors, editors, or validators of machine output
has implications for professional identity, training
requirements, and career development. Military
organizations deploying hybrid translation systems
must address these human resource considerations
alongside technical implementation questions.

Conclusions. The integration of artificial
intelligence into military translation represents not
merely a technological upgrade but a fundamental
transformation requiring reconceptualization of core
translation studies concepts. Through examination of
simulation, context, and technology as analytical lenses,
this article has demonstrated that Al translation systems
function through mechanisms qualitatively different
from human cognition while achieving functionally
comparable outputs in many contexts. This divergence
between process and product challenges theoretical
frameworks developed to explain human translation
and necessitates new analytical approaches adequate
to the distinctive characteristics of machine translation.

The simulation perspective reveals that neural
translation models create functional approximations

of contextual understanding through probabilistic
inference rather than semantic comprehension. This
simulative capacity enables impressive performance
on texts well-represented in training data but shows
limitations when confronted with novel situations,
cultural nuances, or strategic subtleties requiring
genuine understanding. For military translation, these
limitations are particularly consequential given the
potential operational and strategic implications of
translation errors. The findings suggest that while
Al translation can effectively handle routine military
communications characterized by standardized
terminology and standard expressions, complex
analysis, culturally sensitive communications, and
strategically significant materials continue to require
human expertise.

Analysis of context demonstrates that military
operational  environments  create  distinctive
communicative situations with specific requirements
for translation. The temporal urgency, security
constraints, tactical dynamism, and strategic
significance characteristic of military communication
pose particular challenges for Al translation systems
that lack access to operational context beyond
immediate textual input. While technical approaches
including domain adaptation, context-aware
translation, and retrieval-augmented generation
partially address these challenges, fundamental
questions remain about whether computer systems
can adequately capture the richness of operational
awareness that experienced military translators bring
to their work. This suggests the continued importance
of human translators who can actively seek contextual
information and apply implicit knowledge of military
culture and strategic considerations to translation
decisions.

The technological perspective illuminates how
Al translation functions as complex sociotechnical
infrastructure rather than merely a tool. Training
data requirements, computational dependencies,
infrastructure configurations, and integration with
military information systems all shape the operational
capabilities and strategic implications of Al translation
deployment. The analysis reveals tensions between
translation quality and operational security in training
data management, trade-offs between convenience
and autonomy in infrastructure decisions, and risks
of deskilling and technological dependency in
organizational adoption patterns. These considerations
emphasize that military organizations must approach
Al translation deployment strategically, carefully
weighing technical capabilities against operational
requirements and strategic vulnerabilities.
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The emergence of hybrid human-machine
translation workflows represents a pragmatic
response to the complementary strengths and
limitations of human and Al translation. Rather
than treating automation as replacement for human
expertise, hybrid approaches leverage Al capabilities
for efficiency while preserving human judgment
for quality, security, and strategic considerations.
However, these workflows introduce new complexities
regarding authority, accountability, professional
identity, and competence development that military
organizations must address through appropriate
organizational policies, training programs, and
operational procedures.

Looking forward, several directions for future
research emerge from this analysis. Empirical
investigation of Al translation performance onauthentic
military communications across diverse text types,
languages, and operational contexts would provide
evidence to ground theoretical claims and practical
recommendations. Longitudinal studies examining
how hybrid translation workflows evolve in practice
and how human translator roles and competencies

change over time would illuminate organizational
adaptation to Al translation. Comparative analysis
across different military organizations and national
contexts would reveal how institutional factors
shape technology adoption and use. Development of
military-specific evaluation frameworks and quality
metrics would support more rigorous assessment of
Al translation capabilities and limitations.

Ultimately, this article argues that translation
studies must develop theoretical frameworks
capable of analysing Al-mediated communication
while maintaining critical attention to issues
of accountability, interpretability, and strategic
communication integrity. Military translation,
with its distinctive operational requirements and
strategic significance, serves as a productive site for
developing such frameworks. The insights generated
through examining military translation have
broader applicability to understanding how artificial
intelligence transforms linguistic mediation across
domains while also addressing the specific needs of
defence organizations navigating the opportunities
and risks of Al translation deployment.
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Ckuba O. M., Jlemenko A. B., Byneuko A. M. IEPEOCMMUCJIEHHSI
BINCHKOBOTI'O ITIEPEKJIALY 3A JOITOMOI'OXO IITYYHOI'O THTEJIEKTY:
MEPEKJIATO3HABUMM MIAXII 10 CAMYJISIIL, KOHTEKCTY TA TEXHOJOT'TH
Inmeepayiswmyunozo inmenexmy (IL11)y cghepy 6iticbko6020 nepexnady s8se co60i0 He iuLe MeXHOI02IYHUL
npopus, a i 2IubOKy enicmemonociuny mpancgopmayiio. ¥ cmammi po3ensanymo, sk cucmemu MauuHHO20
nepexnady ma eenuki mosni mooeni (LLM) sminiotoms meopemuuni 3acaou 8iticbKo8o2o Nepekiado3Ha8cmed
3A805KU 30AMHOCIE MOOEN08amiu KOHMEKCMYaibHe PO3YMIHHA, 00pooasmu 6azamomosHull BillCbKO8UlL
OQUCKYPC [ 30ILCHIOBAMU MIDICKYTBIYDHE NHOCEPeOHUYMBO 8 YMOBAX ONEPAMUBHO20 cepedosuuya. CRuparouucs Ha
OCMAHHI 00CACHEHHSY 2AT1Y31 HeUPOHHO20 MAWUHHO20 NepexIady, y cmammidociioiceno, sk LI I-opienmosanutl
nepexna0 cmasumsv Ni0 CYMHIE YCMANEHI MEJNCI MIdC TOOCLKOIO eKCHepmu3on ma asmoMamu306aHol0

00pobKoI0, BIOKpUBAIOUU HOBI NEPCNEeKMuUsU 30epediceHtsl KOHMEKCMYaIbHOl MOYHOCHI, ONnepamuHol

besnexu ma mepminonociunoi mounocmi. Jocniodcenus demoncmpye, wo cyuacui LI-cucmemu nepexnady
@yHKYioHYIOMb He ulie K IHCMPYMeHmu, d U K AKMUSHI yUaACHUKU NPOYecy MEOPEHHs 3SHAUEHHS, WO BUMALAE
8i0 NepeKIa003HaABCIMEa NePeoCMUCTIEHHA OCHOBHUX MeOPEeMUYHUX Kame2opil — 30Kpema eKg8i8aleHMHOCMI
ma Koumexcniy. AHani3yuU MOOen08aNIbHI MONCIUBOCHIE HEUPOHHUX IHCIMPYMEHMIB, 0OTPYHMOBAHO me3y Npo
me, wo nepexnao iz euxopucmaunam LI ghopmye HOBI MOOaIbHOCII MOBHO20 NOCEPEOHUYMEA, KL DA3VIOMbCS
HA UMOBIPHICHOMY MOOENIOBAHHI, A He HA JcopcmKux npasunax. L{a mpancgopmayia 3ymoenioe Heodxionicme
OHOBJIeHHs MeoPemudHoi 0asu 3 ypaxy8aHHam cIOPUOHUX eKOCUCeEM NepeKkadady muny «io0UuHaA—MauuHay,
PO3N00INEH020 NIBHAHHSL ) BIUICLKOBUX KOMYHIKAYIIHUX MEPeNcax i peKypCcu8Ho20 36 3Ky MIJIC HABUATbHUMU
OanHuMu ma NPAKMUYHUM 3dCMOCY8AHHAM YV 0ollosux ymosax. Pesynomamu Oocnioscenns 3acgiouyoms
HeoOXIOHICMb PO3POONEHHS AHANIMUYHUX NI0X00I8 Y BILICLKOBOMY NEPeKiIa003HABCMEI, 30AMHUX 8DAX08Y8AMU
coyiomexHiuny ckaaouicmo komyuixayii i3 3anyuennam LI, 36epicaiouu npu yvomy Kpumuumy yeazcy 00
numMamns iON0GIOAIbLHOCMI, IHMEPNPemosanocmi ma cmpame2ivnoi yiticnocmi 060poHHOT KOMYHIKAYIL.

Kniouosi cnosa: siiicokosuii nepexiao, wmyunuii inmenexm (LII1), netponnuti mawunnuii nepexiao,
CUMYIAYIS KOHMEKCY, NepeK1ad03HA8CMB0, 8E/IUKI MOBHI MOO@LL, 83AEMOOIs TIH0OUHU 1l MAWUHU, DA2AMOMOBHA
00pobKa.
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